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OBSERVATION CONTROL PROBLEM FOR DIFFERENTIAL EQUATIONS!
B. 1. Ananyev

We consider a controlled linear differential equation. The controller must transfer the initial state g of the
equation to a given final state xp. This process is followed by the observer, who tries to determine zp but
does not know the state vector of the equation and obtains information via the vector y(t) connected with z(¢).
With the aid of the signal y(t), the observer can determine an information set containing zp. In the case of
special constraints for controls (or disturbances from the point of view of the observer), the information set
becomes the ellipsoid, the parameters of which are described by the system of differential equations. In the
game, the controller, who is the main player, endeavors to accomplish its task and maximize the information
set simultaneously. An example is considered.
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B. . AnanbeB. 3asjaya ynpasieHus HabJroaeHueM aJisi qudpdepeHunaibHbIX ypPaBHEHUN.

PaccmarpuBaercsa yupasisiemoe JinHeitHOe quddepeHnpaibHoe ypaBHEHME. Y IPABJISIONIee JIUIO JOJKHO T1e-
PEMECTUTH HAYAJILHOE COCTOSIHUE () YPaBHEHUS B (DHKCHPOBAHHOE KOHETHOE COCTOSIHUE T . DTOT IPOIECC KOH-
TPOJIUPYETCsT HAOIIIOAATesIeM, KOTOPBIH IBITACTCS ONPEIECIUTb L7, HO He 3HaeT (pa30BbIM BEKTOD ypPaBHEHHS U
nosydaer undopMmanuio or BekTopa y(t), ceasanuoro ¢ z(t). C momompio curnana y(t) HabIIOLATENb MOXKET
OIpenesInTh HHMOPMAIMOHHOE MHOYKECTBO, CoJiepKaliee . B ciydae criernaJbHbIX OPPaHUYeHU Ha yIIpaBJe-
Hus (MM BO3MYIIEHUI ¢ TOYKM 3penus Habsogaresis) nHMOPMAIMOHHOE MHOXKECTBO CTAHOBUTCS SJIJTUIICOMIOM,
napaMeTpbl KOTOPOI'O OIUCBIBAIOTCs cucTeMO auddepeHImaabHbIX ypaBHEeHUH. Y IPaBJISIOLee JIUIO, KOTOPOe
SIBJISETCH OCHOBHBIM, IBITAETC BBIIOJHUTH CBOIO 33/Ia9y U OJHOBPEMEHHO MAKCUMU3UPOBATH pasmep uudop-
MaIMOHHOI'O MHOXKeCTBa. PaccMoTpeH npumep.

Kurouesbie ciioBa: rapaHTHPOBaHHOE OllEHUBaHME, NH(OPMAIIMOHHOE MHOKECTBO, MHOYKECTBO JIOCTUZKUMOCTH,
yIpaBieHue HabIIIOJeHUIEM.
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1. Introduction and Preliminaries

In this paper, we use an approach to guaranteed estimation from [1]. In many estimation
problems from mechanics, economics, biology, and financial mathematics, there are both stochastic
disturbances in the system and the observation’s channel and uncertain ones with unknown statistics.
In particular, the stochastic part may be absent in special case of set-membership description of
uncertainty, [2;3]. In this paper, a controller uses uncertain disturbances in the system as control
actions to produce worst signals for an observer, or, along with this task, to achieve his own aims
unknown for the observer. On the other hand, the observer applies a minimax state estimation
algorithm and does not know the aims of the controller. Such problems arise, for example, in
aviation, when the plane must do some work to go unnoticed. Besides, there are other examples in
economics, financial mathematics, and biology. Problems of optimization of observation’s process
were considered in various formulations in [4-8].

Here we continue the works [9;10], but for more general form of the system and constraints.
Namely, suppose that the dynamics of our partly observed system is described by equations:

z(t) = A(t)x(t) + b(t)v(t), y(t)=G(t)x(t) +cv(t), 0<t<T, (1.1)

!'The work was performed as part of research conducted in the Ural Mathematical Center with the
financial support of the Ministry of Science and Higher Education of the Russian Federation (Agreement
number 075-02-2025-1549).
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where z(t) € R” is a state vector, y(t) € R™ is an output, v(t) € R! is an uncertain disturbance;
A(+), G(+), b(-) are continuous matrices. The observer does not know initial state z¢ and believes
that uncertain functions v(-) € L4[0,7] in (1.1) are restricted by the integral constraints

T
/ )] + 25" (H)z(t) — 20" (t)v(t)) dt < 1, (1.2)
0

where |-| is the Euclidean norm; elements of vector-functions s(-), 7(-) belongs to the space Lo[0, T7;
the symbol ’ means the transposition. Hereinafter, by |:c|%3 is denoted a quadratic form x’ Px, where
the matrix P is such that P’ = P > 0. The matrix ¢ being constant has a full rank, i.e. rank(c) =
m A l, where m Al = min {m,(}.

One can see that the variables z and y from equations (1.1) and (1.2) are bound with each
other by means of the function v(t). Let us present the system in the equivalent form. Consider the
pseudoinverse ¢t matrix to ¢, [12]. It is known that c¢*c is the orthogonal projection onto subspace
imc = {v:v=_cy, y € R} Introduce the matrix C; = I; — ¢*c that is the orthogonal projection
onto null-subspace kerc = {v : cv = 0}. Then v(t) = c¢"cv(t) + Cyv(t) and cv(t) = y(t) — Ga(t). If
we introduce a notation

b(-) =b()c", A()=A()-b()G(),
and substitute the orthogonal expansion of v(t) into (1.1), this equation is converted to the following
one

#(t) = Alt)a(t) + b()y(t) + b(t)Cro(d). (13)

Constraints may be rewritten as

T
/ et + o[, + 25 (Dz()
) (1.4)

—2'(t) (T (y(t) — G(t)a(t)) + Cro(t)) )dt <1, C=(c)c"

In the case rank(c) = m, we have ¢t = ¢(cc)~! and C = (cc/)~!. In other case rank(c) = I,
we obtain ¢ = (d¢)~¢ and C; = Oy, i.e. zero matrix. In the last case we deal with the unique
uncertain element xg. This last case has no interest for controller because he knows xy and cannot
change the signal. Therefore, suppose that rank(c) = m < [. But then we can pass to lower dimension
of disturbances according to the following remark.

Remark 1. As kerc+imc = [, imC; = kerc, and imc = m, then rankCy, = [ — m. Using
expansion Cy = TC,T', where T is an orthogonal matrix, 7T’ = T'T = I;, and C~'1 is a diagonal
matrix with 0 or 1 on the diagonal, we can eliminate m zero columns from C: and obtain a
matrix D1 Then 01 = D1D1 and Cy = DD}, where Dy = TD1 If we define vector-function

w(t) =D}v(t) € RI=™ then we obtain the equality

Cio(t) = Dyw(t), Dy e R*U=™) rankD; =1—m, D\Di=1I_,.

Therefore, we can use Dyw(t) in (1.3), (1.4) instead Cyov(t).

2. The Problem for the Observer

We introduce some definitions.

Definition 1. Let the signal y(t) be generated by (1.1), (1.2) with the help of unknown
pair (z(,v*(-)) satisfying constraints. A pair (zg,v(+)) is called compatible with the measured signal
y(t) on [0, 7] if the solution z(t) of equation (1.3) and the function v(t) satisty relations (1.4).
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Definition 2. The set Xp(y) is called the information set (shortly IS) if it consists of all
vectors x(T) for each of which there exists a generating compatible pair (zg,v(-)) such that the
corresponding trajectory x(t) ends at x(7T).

The observer’s problem is to find X7 (y) and to give an analytical description of this set. As it was
proved by dynamic programming methods in [11], the IS X7(y) under restrictions (1.4) represents
the ellipsoid given by inequality

Xr(y) = {z € R": &/ P(T)z — 22'd(T) + e(T) < 1}, (2.1)
where the parameters can be found from differential equations
P(t) = —P(t)A(t) — A'(t)P(t) + G'(t)CG(t) — P(t)b(t)C1 (t) P(t),
d(t) = P(t)b(t)y(t) — A'(t)d(t) + G'(1)C(y(t) — er(t)) + P(£)b(£)C(r(t)
— b (t)d(t)) —s(t), P0)=0, d(0)=0, e(0)=0,

é(t) = 29/ (OB (B)d(t) + ly(B)[E — 2r' (1) Cy(t) — [r(t) = V' (1)d (D)2, -

(2.2)

The value in the right side of inequality in (2.1) equals min,,.) J7(w,y) under condition z(T") = =.
On another we can rewrite inequality in (2.1) as

Xr(y) = {z € R": |z — (1)} + W(T) < 1},

(2.3)
#(T) = PHT)(T), W(T) = e(T) — d'(T)PH(T)(T),
where P* is the pseudoinverse matrix. If system (1.3) is completely observed, that is
t
/X'(u,t)G'(u)G(u)X(u,t)du >0 Vte (0,7, (2.4)
0
then P(t) > 0, ¢t > 0. Here 0X(u,t)/0u = A(u)X(u,t) and X(u,t) is a fundamental matrix.
Under conditions (2.4) parameters Z, h satisfy the differential equations
2(t) = AW)z(t) + (b)) + PHHG () Cy(t) — G()2(t) — er(t)) — P71 (t)s(t) + b(t)r(t),
(2.5)

h(t) = |y(t) — G(t)i(t) — cr(t)FC — |r(t)]* + 25 (t)z(t).

There is a problem with initial states #(0), h(0) for these equations. Therefore, we can use other
functional approach. Introduce linear integral operators

T T
Vi) = [ Xl wblwyds, Wiw) = [ X(tu)bw) Dyw(u)do
t t
and obtain the functional in (1.4) in the form

T
Irtwy) = [ (Iote) = GO (X(t. T - Yily) — Wilw) 2
0

+w(t)? +25'(1) (X(8, Tz — Yi(y) — Wi(w))

= 20'(8) (¢C (y(t) = G(t) (X (&, T)z = Yily) = Wilw))) + Dyw(t)) )dt.
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If we define the linear Volterra type (see [13]), self-adjoint, and coercive operator K : L5™[0, T] —
Lm0, 7):

Ki(w) = D'lb'(t)/X'(a,t)G'(oz)CG(a)Wa(w)da + w(t),
0

then
T T
Jr(w,y) =S =2 [ W () Fdt + | ' (#)K(w)dt,
[oma ]
T
5= [ (o) — G0) (X(0. T = Y +25/(0) (X(1. T Vi)
0
=2/ C (y(t) — G(t) (X (. T)x = Yily))) ) dt,
=mwn/xwwwmw—mwmwwm—nwm+4m+@mawwm+0mw
0
Therefore,
T
Xr(y) = {x ER": S — /Ft’K,jl(F.)dt < 1}. (2.6)
0

Now, we can compare formulas (2.6) with (2.2) and to express parameters P(T'), d(T), e(T') through
the operator K. To do this, we stress the dependence of S, F; on y, x, s, r, and write S = S(y, z, s, r),
F, = Fy(y,z,s,71).

Lemma 1. Using notation, we have

T
2’ P(T)z = S(0,x,0,0) /F (0,2,0,0)K;  (F,(0,z,0,0))dt,
0

T
Pa(T) =o' [ X6T) (GOl -~ Yily) - er(t) - s(0) de
' T
+/Fg(O,x,0,0)Kgl(F.(y,O,s,r))dt,
0

T
e(T) = S(y,0,s,r) — /F (y,0,8,7)K; (Fo(y,0,s,7))dt.
0

Anyway, the observer can build IS Xp(y).

3. The Problem for the Controller

Assumption 1. Suppose that there exists a function v.(-) generating along with the initial
state xg the signal y(-), satisfying the inequality Jp(ws,y) < 1, and such that
Trog = X(O,T).%’T — YT(y) — WT(U)*),

Diws(t) = vi(t) — dC(y(t) — G(t)x(t)), ws(t) = Divi(t), for given vectors zg, z7. (3.1)
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Using Assumption 1 we can claim: there is a small o > 0 such that a|zg|? + Jp(ws,y) < 1.
Consider IS X%(y) with constraints «|zg? + Jr(w,y) < 1. This set is described by equa-
tions (2.1)—(2.3) and (2.5), where initial values P(0) = al,, 2(0) = 0, h(0) = 0. We have the
inclusion X%(y) C Xr(y) and limiting equality lim, 0 X%(y) = X7 (y). Now, we fix o and try to
enlarge IS X$(y) by minimizing h(T). Indeed, the volume of X% (y) depends only on h(T').

Remark 2. Note that one special case of systems (1.1) is described by equalities
b(:) = [B(*) Onxml)s ¢=[Omxr Im], B@) eR™" I=r+m, r(t)=I[(t);r)]. (3.2)

Then C = I, b(-)d =0, b(-)D1 = B(+), and b(-)Cy = b(+). In (3.2) and further we use designations
from MATLAB where [A; B] means the vertical concatenation of matrices A, B and [A B] means
the horizontal concatenation.

First, we consider a simplified problem for the controller under Remark 2 and equalities (3.2). Let
us temporarily fix the function [I, Oy xm|v«(-) = 0(-) in (3.1). It means that we fix the corresponding
trajectory Z(t) and

T
XO.D)ar — a0 = [ XOOB@0,  y(0) = GO+ w(t) +ra(e),
0
(3.3)

T T
[woPdr <1 [ (0P = a0 + 25/ 0)2(t) ~ 2ra(0)0(0)) de - alao =3
0 0

Here 0X (t,u)/0t = A(t)X(t,u). Due to Assumption 1 the right side § of inequality in (3.3) is grater
then zero, and we can use function w(t) in order to enlarge IS.
Introduce a function f(t) = y(t) — G(t)z(t) — ro(t) € LY[0,T]. Any signal can be generated by
equations
() = A@t)a(t) + P7H(t) (G'(O)f(t ) s(t)) + B(t)r.(t),
#(0) =0, h(0)
h(t) = [F ()] = |r(D) +25'(¢ )96( ), WT) <1,

with the equality y(t) = f(t) + G(t)2(t) + r2(t). So, f(t) = G(t)z(t) + w(t), z(t) = T(t) — &(t). Let
z(t) = [2(t); (t)]. The vector z satisfy the following differential equation

A-PG'G 0O, N —-Plc’ P~ ls+ B(®—mr)
rPlGg'G A g | —Pl's+Br | (3.4)

A(t) B(t)

From (3.4) we obtain the solution
z(t) = Zi(w) + g(1),

where Z; is a linear operator and ¢(t) depends on zg, s, r1, ©
Thus, we come to the following minimization problem:

T
= [ (16O, Oulalt) + w) = 1r @) + 25/ ()[On LJa(®)) dt — min.
0

T
under constraints / lw(t)|?dt < 6.
0
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This is a quadratic problem with linear and inequality constraints. Composed elements under
integral depending on w form the linear operator

Fi(w) = G()[L, OnlZi(w) + w(t).
Then the minimum of functional A(T') is reached at the function
wo(t) = — (FF(F) " (FS(GOn Onlg()) + 25([Ons Lals (). (3.6)
Using Kuhn—Tucker theorem we get the conclusion.

Theorem 1. Let Assumption 1 and equalities (3.2) be valid. If wy(t) from (3.6) satisfies integral
inequality in (3.5) then this function solves minimization problem in (3.5). Otherwise,

wo(t) = = (Ff (F) + kid) ™ (FS(G() I Onlg(-))) + Z2([On; L]s(-)),
T
where the Lagrange multiplier k > 0 may be found from the equation / lwo(t)|?dt = 6.
0

In solution above we take into account the fact that IS X%(y) # @ and for given o(-) there is
a signal y(-) such that a|zg|? + Jr([v;w],y) < 1 with equality (3.4). We only make a choice of the
best function w(-) under given o(-).

Generally, in the solution above we have uncertainty in the choice of function o(+). In the general
case (1.1), (1.2), consider the equality’s constraints for functions v(-):

T
X(0,T)zy — 20 = / X(0,£)b(t)u(t)dt. (3.7)
0

Let z(t) = z(t) — 2(t) and z(t) = [2(t); ()] as above. The vector z satisfy the following differential
equation
;- A—(bd +PahoG 0O, b— (bd + P71G")Cc
~ | od+Plahoc A (bd + P1a"Ce |
A(t) B(t) (3.8)
(bd + P71G"Cec —b n pt
b— (bd + PG Ce| T |-p1| %

The solution of equation (3.8) can be written as z(t) = Z;(v) + B(t), where Z; is a linear operator
and [(t) depends on g, rs. Introduce the linear operator YV;(v) = G(t)[I, Opn]Z(v) + cv(t). Then
we obtain the problem of minimization:

T

2 2 10\ A .
0/ (40) + 6o O31E) —er (e = PO + 2530t > min,
under constraints (3.7) and  al|zo|? + Jr(v,y) < 1.

Problem (3.9) may be solved in the same way as simplified one (3.5), but we prefer an approximate
solution with the help of discrete systems.

The Criterion in the Form of Difference. In the solution above, it can be the relation
xp ~ &(T'). It may be bad for the controller because the observer always takes the center #(T)
of IS Xp(y) as the real state of the system (so-called “the aiming point”). Therefore, consider the
following minimization problem

T

Ir(v) = 0/ (1G@®)2(8) + e(w(t) = rO)E = r(t) + 25/ V)@ ()) dt — [(T)] - ok (3.10)

under constraints (3.7).
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This functional is not convex and not smooth, but we can represent it as

Ir(v) = min min(h(T) - I'2(T)).

In this form, in the convex minimization over v under given [ it is necessary to consider additional
T

inequality constraint of type (1.2), that is a|zg|? +/ (|v(t)|2 + 25" (t)x(t) — 2r'(t)v(t)) dt < 1.
0

Problem (3.10) with additional inequality constraint is solved numerically.

4. Finite Dimensional Approximation

For simplicity, we believe that s(t) =0, r(t) =0 in (1.2), (1.4), y(-) € L% and the function b(t)
is Lipschitzian in ¢. In particular, it is so if b(t) = const. Let us divide the segment 0 < ¢ < T
into N parts [tg_1,t;] which have the same length 6 =t —t,_1 =1/N, k€ 1: N, tp=0,ty =T.
For approximation, we use piecewise constant functions, v(t) = vy saving the constant value on
half-intervals (t;_1,t;] and on the first segment of [to, t1], that is continuous from the left. Introduce
the notation:

173
Ap = X(tgotp—1), b= / X(tr, t)b(t)dt,

te—1
" b . (4.1)
Gr = / GOX (L te 1)dt, = / G(t) / X (t, w)b(w)du + 6.
th_1 te—1 tp—1
Using (4.1), we come to the multistage partly observed system
T = Akxk,1 + bkvk, Yy = ka'k,1 + CkVk, kel: N, (4.2)

and constraints

In@w) =6 Y |ulP <1

keL:N

Remark 3. It is known that the set of piecewise constant functions is dense in the Hilbert
space Ll2 [0, T]. Therefore, taking in attention Assumption 1, we can assert that there exists a set of
vectors vy, k € 1 : N, such that

Ty = ALnTo+ Z Apyinbrvg, IN(WT) <1, 2y = o, Appny = AN Ak, Avinn = I
kel:N
Using Remark 3 we can claim: there is a small a > 0 such that a|zg|? + Jy(v*) < 1. Consider

IS X% (y) with constraints a|zg|? + Jy(v) < 1 for system (4.2).

4.1. Information Set for the Multistage System

For convenience, we make replacement of variables:

T, = Vazg, T = Vouy,
Ty = AxTho1 + kO, Yk = GiTp_1 + G0, k€E1:N,
Ek:bk\/a/é, @k:Gk/\/E, Ek:ck/\/g, (4'3)

IN@) =B+ > > <1,
kel:N
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To find the IS Xj (y) for system (4.3) we define the function

Vi(y,71) = inf {[To|> + [01]° : T1 = A1[To; 71, 1 = B1[Fo;71]}, 44)
A =[A by], By =[Gcl,
where the infimum is taken over all pairs [To;71] with fixed y;. At the first step, we figure out the
support function (see [14]) of the IS

X1 () = {z: Vi(y,z) < 1}.

For this purpose, we find all solutions to the equality with y; in (4.3). All such solutions satisfy the
inclusion
[To;ﬁl] €Yy +kerBy, Y;= B;ryl

As matrix By = I,,,; — ]ifBl is the orthogonal projection on ker By, we take n; < n 4+ [ linear
independent columns of B; and compose the matrix P;. Then we have [Zo;71] = Y1 + Pyuy for
some uj; € R™. This means that the infimum in (4.3) should be taken over vectors of the form
[To;71] = Y1 + Pyu, where u € R™. Computing function (4.4), we get
_ |Y1|2+|fl—f1|%+, if T € im Aq,
Vl (ya ,171) = Pl . .

+o0 if 71 & imA;. (4.5)
i1 =AY, P =AP(P,P)'PA}.

By the way, det A1 # 0 and ]51’ = P, > 0, imA; = R"™. Therefore, the support function has the
form

pro(2) = max o= by +/(1- [1i[2) 2 Pre.
z€Xy (v)

This means that the convex compact set X?(y) has internal points.
On the second stage we consider the function

Va(y,T2) = inf {Vi(y,Z1) + [02]* : T2 — Asd1 = As[r1;02), yo — Gady = Bo[ri; 2]},
Ay, = [A2p11/2 52], By = [EQPE/Q EQ],

similarly to (4.5). The IS is described by the relation Xq (y) = {x : Va(y,z) < 1} . Here we introduced
a new variable r = 151_1/2 (T1 — 41) which satisfy the inequality |Y1|? + |r1]? + [v2]* < 1. We have
[r1;02] = Ya + Pougy for some ug € R, where Yo = B;'(yg — G21), Py is composed from no linear
independent columns of matrix By = Loy — B;BQ. Computing the minimum, we get

Va(y,T2) = [V1* + [Ya|* + T2 — §J2|§32+, By = Agd1 + AsYa, Py = AyPa(P3Py) ' PAY.

Continuing by induction, we obtain at the k-th stage the equations and the inequality for IS XZ (y):

~

Py=1,, & =0,
~1/2 T = pl/2 = + = .
Ay =[Ap P, by, B =[GpP, | ], Yi=B} (yx — Grir_1),
Bk = Apdpo1 + ApYy,  Po= ApPo(PLP) ' PLAL,
P is composed from ny, linear independent columns of the matrix
By = I — BBy, &= Apip_1+ ApYs,

Vily, T) = D |Vil* + [ — @k!?s:, Xi(y) = {z: Vily,z) <1}
icl:k

(4.6)

It can be proved that the parameters of ellipsoid Xg(y) do not depend on the choice of matrices P;,
i € 1: k. Moreover, it is proved in [11, Theorem 6| that IS X¢(y) = {z : Vi(y, vax) < 1} tends to
IS X% of continuous system in Hausdorff metric if N — oo.
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4.2. The Approximate Problem for the Controller

Let zx = Ty, — @ and zg = [2x; ). The vector z; satisfy the following multistage equation

- A — AkB]—:ék O, Ek - AkB;rEk _
Z’“_[ ABIG, AT ABrE | TR

Ay By

(4.7)

The solution of equation (4.7) can be written as zp = Z;(7) + 8k, where Z is a linear operator and
Br = A1.x[T0; 0], Bo = [To;0]. Introduce the linear operator Vi (v) = B+Gk[l On]Zi—1(v) + Txvk,
Zp(v) = 0. Then we obtain the problem of minimization:

> V@) + B G 1 ~ min

kel:N
under constraints Ty — A1.NTo = Z Api1:nb5 0y, (4.8)
kel:N
and  Jn(?) = |To|® + Z 5 ? < 1.
kel:N

Similarly to (3.10) we can consider the problem
_ ai 2 .
= Z ‘yk(?}) + B;;Gkﬂkfl‘ — |zn| — min,
k€1:N v

under constraints in (4.8) and  |To|? + Z 5| < 1.
kel:N

Let us formulate the final result on approximation.

Theorem 2. Let a control vy(:) transfer an initial point z¢ of system (1.1), (1.2) to end
position xp with mazimal size of 1S X.(y). Let inequality (2.4) be fulfilled as well. Then for
every € > 0 there exist parameters o« > 0, N, and vectors v1.n such that the Hausdorff distance
h(X%(y), X% (v) < €, |xn — 27| < €, and the minimum in problem (4.8) is less then hY. + €.

5. An Example

We take the system
T
1 =g, o =v(t) +w(t), y(t)=z1+v(t (v(t) )dt < 1. (5.1)
0

Let T = 3, v(t) = 1/3, w(t) = v/t/3 for numerical calculations. Integral in (5.1) equals T/9+72/18 =
5/6 < 1. If g = [0;1], the system transfers vector zp to xp = [5.8856;3.1547]. Then we can take
a < 1/6 in order to provide inequality

T

alzg|? + / (v(t)* + w(t)Q) dt < 1.

0

So, Assumption 1 is valid. The observer builds IS X$(y) according to equations (2.2), (2.5):
a(t) = Ai(t) + (b + P7H()G') (y(t) — Gi(t)), #(0) =0,
t) = ly() - Ga@)[*,  h(0) =0,
P(t) = —P(t)A — A'P(t) + G'G — P(H)LC1V P(t), P(0) = als.
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Here C =1, A=[0100],¢c=[10,b=[00;11,G=[10], A=A—-blG, Cy = I —c. We
introduce a function f(t) = y(t) — G(t)&(t) € L5'[0,T]. Any signal can be generated by equations

a(t) = Az (t) + (b + P7Y ()G f(t), @(0) =0, h(0) =0,

with the equality y(t) = f(t) + G(t)Z(t). So,

z(t) = /X(t,u) (b + PG flu)du = Hy(f).
0

Let us temporarily fix the function w(-) = v/#/3. We come to the following minimization problem:

hMT) — I]Icl(igl, under constraints X (0,T)zr — xg
(5.2)

T
- / X(0,4) (b(£(£) + G(®)#() + bDyw(®)) dt, b=b, Dy = [0:1].
0

We solve the problems (5.2), (3.9), and (3.10) using finite dimensional approximation. For this
purpose we set N =15, 6 =T/N = 0.2. From (4.1) we get

b=1[62/262/2;6 6], G=1[66%/2], c=][6+63/66%/6],

A=110;01],
and a multistage system with constant coefficient:
_ _ . _ 2
xp = Axg_1 +bvg, yp=Grp_1+cvg, k€l:N, Jy)=9 Z lug|” < 1.
kel:N

The transition between z and @ can be fulfilled by control actions v = b'(AN=F)'~/§, where
v =Ty (zr — ANag), Tw= Y AV Fop'(ANFy/s,
k=1:N
IN@®) = (zp — ANao) Ty (o — AV 20) = 0.8006 < 1.

Therefore, we can pass to constraints a|zo|?+.Jy (v) < 1, where a < 0.1667. After the replacement (4.3)

we have _ _
Ty = ATp_ 1+ bvp, ypr=GTp_1+cvg, kel:N,

b=0b/a/s, G=G/a, ¢=c/Vs,

Lex]lJy(@) = [Tl + Y m[><1, A=[AD],
kel:N

B=[Cd.

Further, B = I,—B" B and so on according (4.6). Numerical calculations for controller’s problem (4.9)
give >y 1. |Ye[? = 0.3332 with [2y| = 0.3124. For controller’s problem (4.8), we have Y, 1.y [Yi|? =

0.3265 with ]zN] = 0.2959.
Conclusion

e In this work, we consider estimation and control problems for linear systems with observation.

e The controller have to move an initial state of the equation to a given final state. This
process has been noticed by the observer who tries to define the final state of the system absorbing

information from the measurement.
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e A controller uses uncertain disturbances in the system as control actions to produce worst
signals for an observer, or, along with this task, to achieve his own aims unknown for the observer.
The solution of controller’s problem reduces to a quadratic minimization problem with equality and
inequality constraints.

e Such problems arise, for example, in aviation, when the plane must do some work to go
unnoticed. Besides, there are other examples in economics, financial mathematics, and biology.
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